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1. ShelfHelp employs a 2-stage method to
detect the desired product.

2. YoloV5 network is used to give region
proposals that are bounding boxes
most likely to contain any product.

3. The features of these regions are o

* US market gets ~30,000 new products
introduced each year, presenting a
challenge for modern computer vision
solutions.

* Working with sighted guide causes lack
of independence and loss of privacy
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3. We formulate the guidance planning
problem as a Markov Decision "6 inches to
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* Design consideration: Repurpose navigational systems with \ ondIEeibility /
sensing and compute.

. r contributions: An end-to-en m th n assi ith :
Qu contributions end t.o e .d system that can assist wit Study Design
independent grocery shopping via

§ 1) A modular and upgradeable 2-stage computer vision :

_ pipeline to locate desired products in a grocery setting.

* We conducted an IRB-approved study with
novice, blindfolded users (n=15) for system
testing and validation.

* We compared the following planners -
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2) A novel fine-grain manipulation guidance system that
 optimizes for guide time and the number of commands.
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(1. Our planner (discrete planner)
2. Baseline planner (continuous planner)

— AN e B | 3. Human guide (the gold standard) Y
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